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ABSTRACT

Aim. This study explores the impact of
Artificial  Intelligence  (Al)-driven  text
generation on authorship recognition and
its implications for education. Specifically, it

MeTa gocnigyxeHHs. e focnigyKeHHS BUBYAE
BM/IMB reHepaLlii TEKCTIB LUTYYHUM IHTE/IEKTOM
(LLl) Ha po3ni3HaBAHHA QBTOPCTBA TA MOro
Hacnigky 78 ocBITU. 30KpeMQa, aHAI3YETHCS,

examines how individuals with varying 9K oM 3 PI3HUM  piBHeM  JocBiay
levels of experience using ChatGPT perceive BUKOPUCTAHHS ChatGPT CrpUMaroTb
Al-generated texts and whether editing TeKCcTu, cTBopeHi LI, | uu BameBae
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affects their ability to distinguish between
human and Al-authored content. The study
aims to inform strategies for integrating Al
literacy into education while addressing
challenges in authorship attribution.

Methodology. A quantitative study was
conducted with 85 participants,
categorized based on their ChatGPT usage:
no experience (nN=22), occasional use (n=31),
and daily use (n=32). Participants
evaluated texts across five stylistic genres

(literary, journalistic, scientific,
philosophical, and promotional) and
attempted to determine authorship

(human, Al-generated, or Al-edited). The
data were analyzed using statistical
methods, including the Kruskal-Wallis test,
ANOVA, and Pearson’s correlation analysis.

Results. The findings Iindicate that
participants struggled to differentiate
between human and Al-generated texts,
with an average accuracy of 548 out of 15.
The ability to identify authorship varied by
genre, with philosophical texts being the
easiest to recognize and journalistic texts
posing the greatest challenge. Experience
with ChatGPT did not significantly improve
recognition accuracy. Editing Al-generated
texts further blurred the distinction between
human and machine authorship.

Conclusions. The results highlight the need
for educational approaches that enhance
critical literacy and awareness of Al-
generated content. Al tools can serve as
collaborative writing aids, but their
integration into learning requires ethical
considerations and adapted assessment
strategies. Future research should expand
the sample size and investigate the effects
of long-term Al exposure on writing

perception.
Keywords: Al-generated text, ChatGPT,
authorship recognition, digital literacy,

artificial intelligence in education, human-
Al collaboration, writing assessment.

penaryBaHHS HQ iXHKO 30ATHICTb PO3PI3HATU
QBTOPCTBO. [OCHig)KeHHS] CpPaIMoBaHe HA
PO3POOKY cTpareriv IHTerpauii Ll-
rPAMOTHOCTI B OCBITHIV MpoLec T BUPILLIEHHS
npobemu atpnbyLii aBTOPCTBA.

Metogosioria. Gysio  npoBeneHo  KifibKicHe
AOCTMKEeHHsS 3a ydacTro 85 pecrioHAeHTIB,
po3rogiieHnx 30 PiBHEM  BMKOPUCTAHHS
ChatGPT: He BUMKOPUCTOBYBQ/IN (n=22),
BUKOpMCTOBYBQ/IM 3piaka (n=31) i wogHs (n=32).
YYQCHMKM OLIHIOBQAIN TEKCTU M'ATH CTUTICTUYHNX
YKAHPIB (XyOOXKHIV, XXYPHQ/TICTCbKMY, HQYKOBUM,
@DINOCOPCHbKMMI | PEKTAMHMM) TA BU3HQYAIN IXHE
QBTOPCTBO (HAMMCAHMA JTFOAMHOK, CTBOPEH MM LLII
abo cTBopeHwii LI 3 penaryBaHHAM). JaHi 6yriv
MPOAHQ/1I30BAHI 30 AOMNOMOIOK CTATUCTUYHNX
MeToAiB, BK/IOHAKYM TeCT Kpyckasa-Yosiica,
avcrnepciviHm aHaniz (ANOVA) | kopenauiviHn
aHani3 lMipcoHa.

Pe3synbratn. [Joc/iidKeHHS  MOKQA3Q/10, LUO
YYACHUKM  MQ/IM  TRYOHOLUI 3 PO3PI3SHEHHAM
TEKCTIB, CTBOpeHuX sroanHoro T1a LU, cepeaHs
TOYHICTb BU3HQYEHHS QBTOPCTBA CKAIAAA 548 3
15. PiBeHb rpaBun/IbHOMro BU3HQYEHHS] QBTOPCTBA
BIAPI3HABCSA 3QUIEXKHO Bif >KAHPY: HAMBULLI
pe3ynbTaT 6y Yy @dinocopcbrmx TeKCTax, d
HavckaaHiLe 6ys10 PO3Mi3HATU XKYPHATICTCbKI.
HocBin BukopuctaHHg ChatGPT He mMaB
3HQYHOro Bri/IMBY HQ TOYHICTb PO3Mi3HABAHHS.

PenaryBaHHS LLI-TekcTiB e 6inbLue
YCKAQAHWO IX BIAMIHHICTb Bif JIFOACHKUX.

BucHoBKu. OTpUMaHI pe3ynbTaTty
MiOKPEC/IIOTb HeobXiaHicTb PO3BUTKY

KPUTUYHOI rpAMOTHOCTI TQ O6I3HAHOCTI 040
LI-reHepoBAHOroO  KOHTEHTY. IHCTpyMeHTU
LUTYHYHOrO IHTENIEKTY MOXYTb OYT KOPUCHUMM
Y HABYAJIbHOMY [MPOLECI, NpoTe iX IHTerpauis
noTpebye eTuyHOro nigxody Ta aganTauii
MeToaiB OUiHOBAHHS. [1oaasibLui AOCHIAXKEHHS
MQIOTb  OXOrumoBaTv  6inbllui  BUOGIPKKM — TA
BMBYATK [JOBIOCTPOKOBUU BIr/INB B3AEMOLIl 3
LI HO CrIipUAHSATTS MUCbMOBMX TEKCTIB.

KmodoBi cnoBa: [lll-reHepoBaHUM  TEKCT,
ChatGPT, po3nizHaBAHHS QBTOPCTBA, LindpoBa
FPAMOTHICTb, LUTYHYHMM  IHTE/IeKT B  OCBITI,
cnisnpaus moanHm 1a LLI, oLiHOBAHHS McbmMa.

INTRODUCTION

In recent years, the rapid advancement of artificial intelligence (Al) technologies has
significantly influenced diverse aspects of society, including academic, professional, and
creative writing (OpenAl, 2022; Nalyvaiko, 2023). Among these developments, large
language models (LLMs), such as ChatGPT, have emerged as transformative tools within
the field of Al-driven text generation. By leveraging extensive corpora of written data and
sophisticated machine learning techniques, ChatGPT can produce coherent,
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contextually relevant prose that closely resembles human expression (Devlin et al., 2019).
This remarkable capability has sparked widespread interest in the potential benefits of
automated writing, such as enhanced productivity and innovative content creation
strategies (Marcus & Davis, 2019).

At the same time, concerns have arisen regarding the extent to which Al-generated text
may overshadow human authorship, creativity, and critical thinking (Bender et al., 2021).
Questions persist about how these models might alter traditional writing processes,
disrupt established norms of intellectual property, and reshape the labor market for
writers and editors (Mateescu & Elish, 2019).

Additionally, ethical considerations regarding bias, transparency, and authenticity in Al-
generated text represent critical areas for further inquiry (Floridi & Cowls, 2019). Within
this emergent landscape, it becomes essential to investigate whether there is still space
for uniguely human expertise and perspective in a reality increasingly shaped by
automated systems. Consequently, this study aims to examine how ChatGPT
contributes to a new reality of writing and to explore the enduring role of human
authorship in the face of rapidly evolving Al technologies.

Research on Al-driven text generation has evolved rapidly over the last decade, building
upon foundational advances in natural language processing (NLP) and machine
learning. Early approaches relied on rule-based systems and simple statistical language
models (Jurafsky & Martin, 2019).

More recent breakthroughs — particularly the development of large-scale transformer
architectures — have significantly enhanced the fluency and coherence of machine-
generated text (Devlin, Chang, Lee, & Toutanova, 2019). This transition is evident in
models like GPT-3 and GPT-4, which leverage billions of parameters to predict
contextually relevant tokens, creating output that closely mimics human writing (Brown
et al., 2020; OpenAl, 2023).

Central to this evolution is the concept of pre-training on vast corpora of text from diverse
domains. Such an approach enables Al models to capture nuanced linguistic patterns,
idiomatic expressions, and domain-specific knowledge (Devlin et al., 2019). Consequently,
tools like ChatGPT not only demonstrate proficiency in generating grammatically
accurate sentences but also engage in more complex tasks, including summarization,
translation, and even creative writing (OpenAl, 2023). While these capabilities offer
unprecedented opportunities for efficiency and innovation, they also prompt questions
about the boundaries between human and Al authorship (Bender et al., 2021).

The rise of increasingly sophisticated language models has led scholars to re-examine
the concept of creativity and its potential overlap with Al outputs. Traditionally, creativity
was viewed as a distinctly human faculty, rooted in subjective experience, emotion, and
cultural context (Csikszentmihalyi, 1996). However, contemporary studies reveal that Al-
driven text generation systems can produce novel ideas or stylistic flourishes that appear
creative to humans (Floridi & Chiriatti, 2020; Nalyvaiko, 2023).

Despite these observations, many researchers emphasize that these Al outputs are
fundamentally dependent on the data from which the models learn (Bender et al., 2021).
Lacking genuine intentionality or self-awareness, Al systems rearrange patterns rather
than engage in authentic generative processes. As a result, they often replicate
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dominant cultural assumptions found in their training data, inadvertently reinforcing
existing stereotypes or biases (Shah, Schwartz, & Hovy, 2020). This underscores the
enduring importance of human oversight and ethical judgment in both the creation and
application of automated writing tools (Floridi & Cowls, 2019).

The proliferation of Al-written content introduces diverse ethical and societal challenges.
One primary concern involves the potential for misinformation and the difficulty that
readers may face in discerning human-authored text from Al-generated prose (DiResta,
2018). As language models become more adept at emulating human stylistic nuances,
the risk of using Al systems for deceptive purposes — such as generating deepfake news
articles or misleading social media posts — also increases (Chesney & Citron, 2019).

Moreover, scholars highlight the importance of transparency when deploying Al-driven
writing tools in academic, professional, and public contexts. Ensuring that audiences are
informed about the involvement of Al in content creation is critical for maintaining trust
and safeguarding intellectual property rights (Mateescu & Elish, 2019). Equally pressing
are the implications for labor markets, particularly in professions tied to content creation.
While some experts predict that Al systems will primarily augment rather than replace
human workers, there remain concerns that widespread automation will lead to
economic disruption and skill obsolescence (Brynjolfsson & McAfee, 2014).

Despite the impressive capabilities of Al-driven text generation, researchers generally
concur that human expertise remains indispensable. Beyond merely generating
coherent text, humans bring context-specific knowledge, cultural sensitivity, ethical
discernment, and moral accountability to written communication (Floridi & Cowls, 2019).
These uniquely human attributes are essential for ensuring that Al-assisted writing
aligns with social, cultural, and ethical norms.

In academic and creative endeavors, collaboration between humans and Al may foster
novel forms of artistic and intellectual exploration (Marcus & Davis, 2019). However, the
onus is on policymakers, educators, and technology developers to shape frameworks
that harness the benefits of these systems while addressing their limitations (Bender et
al., 2021). By establishing robust guidelines for authorship, transparency, and
accountability, society may integrate Al into the writing process without sacrificing the
distinctly human aspects that underpin literary innovation and critical thought.

The aim of this study is to examine the ability of participants with varying levels of
experience in using ChatGPT to recognize the authorship of texts (human or Al) and to
evaluate the impact of editing artificially generated texts on their perception. The study
also seeks to identify differences in the perception of texts between groups of
participants who have never used ChatGPT and those who have regular experience
using the tool. Additionally, the study outlines potential applications of the results in
educational activities.

METHODOLOGY

The study was conducted to analyze participants' ability to determine the authorship of
texts and to assess the influence of their experience with artificial intelligence on their
perception of textual materials. A quantitative analysis method was applied, which
included experimental evaluation of texts and statistical processing of the collected data.
The study sample consisted of 85 participants, divided according to their level of
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ChatGPT usage: 22 individuals (25.9%) had no experience using Al, 31 individuals (36.5%)
used ChatGPT occasionally (a few times a month), and 32 individuals (37.6%) used Al daily.

The study utilized five blocks of texts from different stylistic categories:
- Literary (Kidruk, 2017),

- Journalistic (Kapustin, 2021),

- Scientific (Nalyvaiko & Chornous, 2017),

- Philosophical (Pascal, 1901),

- Promotional (GloballLogic, 2020).

Each block contained three text variants:

1. Human-written text — created by a human;

2. Al-generated text — produced by ChatGPT without modifications;

3. Al-generated text with edits- a ChatGPT-generated text edited by providing
additional instructions to improve its alignment with human-like style.

For generating the Al texts, specially formulated prompts were used, requesting the
creation of a similar text in the corresponding style. Initially, the generated texts were
included in the survey in their unmodified form, as well as in an edited version where the
Al made adjustments based on additional instructions.

The survey was conducted via Google Forms. Participants received a random set of texts
and were asked to determine their authorship by choosing one of three options:
“human”, “Al", or “Al with edits”. Participants also answered additional questions aimed
at identifying the criteria they used to determine authorship and assessed changes in
their trust in the text upon detecting “Al markers”.

Statistical data processing included comparative analysis of the results between
participant groups using the Kruskal-Wallis test, Levene's test, analysis of variance
(ANOVA), and Pearson's correlation analysis. The relationship between the level of Al
experience and the accuracy of determining text authorship was also examined.

The study adhered to ethical standards: all participants provided informed consent, their
responses were anonymized, and the data were used exclusively for scientific purposes.

The results of the experiment allow for an evaluation of the impact of Al on the
perception of texts and the formation of trust in them, as well as the identification of key
factors influencing the recognition of artificially generated texts.

RESULTS
Demographic Characteristics of the Sample

The study involved 85 respondents. By gender: 85% were women and 15% were men. The
age range of participants varied from 16 to 57 years, with the average age being 26 years.
Regarding professional activity, 57% of participants were students, 30% were employed,
7% were unemployed, and 5% were school students. The primary objective of the study
was to assess the respondents' ability to determine the authorship of texts, so a key
aspect of the analysis was considering the level of ChatGPT usage (Fig. 1).
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Figure 1
Frequency of ChatGPT usage

= Never
Rarely
= Daily

36,50%

Quantitative Analysis of the Results

The analysis of the overall results showed that the average number of correct answers
among all respondents was 5.48 out of 15 possible (Fig. 2). This indicates the general
difficulty in recognizing the authorship of texts, which may be due to the increasing
similarity between texts created by humans and artificial intelligence. However, a more
detailed study revealed significant differences in the ability to recognize authorship
depending on the level of Al usage.

For instance, participants who had never used ChatGPT correctly identified an average
of only 4.91 texts, while those who used Al occasionally (a few times a month)
demonstrated the best result — 597 correct answers. Participants who used ChatGPT
daily had a slightly lower score — 5.41, suggesting a possible influence of familiarity with
the stylistic features of Al, which complicates their recognition.

Figure 2
Average nhumber of correctly identified texts based on ChatGPT usage frequency

6,50

597

6,00
58 /\
550 Sy
5,41
5,00 ~

4,91

4750 T T T 1
overall never rarely daily

When examining the results by text styles, it was found that the level of correct
authorship identification significantly varies depending on the genre of the texts
(Table ).
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Table 3

The level of correct determination of text authorship depending on the style and
frequency of use of ChatGPT (H — human text, ED — Al with edits, AWC — Al without
changes)

3] 8] 8} 8} 8}
IBEIBEIBEIBEIEE

Gen. 85 | 33% [ 32% | 39% | 33% | 29% | 46% | 28% | 35% | 44% | 41% | 40% | 46% | 32% | 38% | 33%
Never | 22 | 32% | 36% | 45% | 23% | 27% | 36% | 18% | 36% | 32% | 41% | 32% | 45% | 27% | 32% | 27%
Rarely | 31 | 42% | 32% | 42% | 39% | 29% | 52% | 42% | 39% | 48% | 39% | 35% | 39% | 35% | 48% | 35%

Daily | 32 | 25% | 28% | 31% | 34% | 31% | 47% | 22% | 31% | 47% | 44% | 50% | 53% | 31% | 31% | 34%

literary journalistic scientific philosophical | promotional

The distribution of correct answers among all respondents indicates that the highest
level of recognition is observed in the philosophical style (41% correct answers for
human-written texts), while journalistic texts proved to be the most challenging for
authorship identification (only 28% correctly identified human-written texts). This can be
explained by the fact that philosophical texts have a more specific style, which is harder
for Al to accurately reproduce, whereas journalistic writing is characterized by a general
structuredness that allows Al to effectively mimic it.

In the literary style, respondents most often made mistakes by identifying Al-generated
texts as human-written. The overall level of correct recognition of human-written texts
in this category was 33%, indicating that text generation algorithms adapt well to artistic
stylistics. At the same time, respondents who use Al daily had the lowest level of correct
answers (25%), suggesting a decrease in critical evaluation due to familiarity with
artificially generated content.

In the scientific style, the level of correct answers for human-written texts was the lowest
— 28%. This supports the hypothesis that Al effectively imitates scientific discourse by
using a clear structure, formal expressions, and technical vocabulary. The best results in
this category were demonstrated by respondents who occasionally use Al (39% correct
answers).

Advertising texts showed an average level of recognition accuracy, but a high rate of
errors was noted among those who had never used Al. This may be due to the fact that
advertising style often follows clearly defined templates, which are easy for neural
networks to replicate, making authorship identification more difficult.

Evaluation of Criteria for Determining Text Authorship

To analyze the mechanisms of text perception by respondents, a survey was conducted
to identify the factors influencing the determination of text authorship.

Fig. 3 illustrates the most significant factors that influenced respondents’ decisions
regarding text authorship. The analysis of responses indicates that the defining criteria
were the style of the text, followed slightly by grammatical and lexical correctness, while
the logic of presentation and the level of emotionality were equally decisive for more
than half of the respondents. This confirms the assumption that structural and stylistic
features are key in the process of authorship identification.
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Figure 3
Factors influencing text authorship identification
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Fig. 4 shows the most common features that raised suspicions about the artificial origin
of the text were the lack of emotional nuance, excessive structure, repetitive phrases,
and the absence of in-depth analysis. Some formal characteristics, such as the use of
formulaic expressions or violations of grammatical rules, also contributed to identifing

the text as Al-generated.

Figure 4
Key characteristics perceived as artificial
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According to Fig. 5, the most characteristic features of human-written texts, as perceived
by respondents, were individual style, simple language of presentation, natural
transitions between ideas, and the use of literary tropes. The least influential factors were
spelling and stylistic errors, which were likely perceived as evidence of the absence of
algorithmic text processing.

Figure 5
Key characteristics perceived as human-like
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Within the framework of the study, respondents were asked to determine the
authorship of texts and explain their assumptions. The analysis of open-ended responses
allows us to outline the main patterns in the perception of human-written and Al-
generated texts, as well as the difficulties encountered by the participants in the
experiment.

1. Criteria Associated with Al-Generated Texts

The respondents’ answers demonstrate that the main features of texts perceived as Al-
generated include structuredness, lack of emotional tone, and excessive formality. For
example, one respondent noted: “A cold text, without emotional coloring”. Another
emphasized that Al texts often have “an overly structured presentation with words that
people do not use in everyday life”. Some participants pointed out Al's tendency to use
complex grammatical constructions rarely found in natural speech: “Rather
complicated structures that people usually do not use nowadays”.

In addition to syntactic features, respondents paid attention to unnatural language
patterns. For instance, specific terms atypical for colloquial language were identified: “/
looked for errors — for example, one text used the phrase ‘mobile gadgets.’ I've never
heard a person use that, so I'm sure it was Al”. Al's tendency toward generalization and
avoidance of subjectivity was also noted: “Al strives to generalize and lacks a personal
opinion”.
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Interestingly, some respondents suggested that excessive emotionality could also signal
artificial origin: “Overly emotional language and an abundance of epithets in every
literary sentence looked suspiciously artificial”. This indicates that, despite the common
perception of Al texts as "dry," the exaggeration of certain stylistic techniques may also
raise doubts about their authorship.

2. Features of Human-Written Texts

The respondents’ answers indicate that texts identified as human-written often
contained individual style,emotional tone, and natural variability in speech. For
example, one participant stated: “Simplicity in writing, greater emotionality, and reader
engagement”. Others noted the use of stylistic devices typical of literary or journalistic
language: “Many adjectives, aphorisms, metaphors”.

Some respondents identified human texts based on syntactic errorsor stylistic
inconsistencies: “In some parts, punctuation was missing, so it was likely written by a
human”. Others emphasized natural flow: “Simpler language and logical progression of
ideas”.

Notably, some participants highlighted subjectivity and inconsistency as markers of
human writing: “A balance between emotionality and dryness in literary texts. Humans
often write as they would speak”. This aligns with the concept of cognitive variability
inherent in natural human language.

3. Challenges in Determining Authorship

Despite the respondents’ ability to identify certain markers, many found the task difficult.
One participant stated plainly: “It's actually hard to tell”. Others noted similarities
between texts: “Some texts were too similar, making it hard to distinguish ‘authentic’
ones”.

Some remarked on Al's ability to mimic human style convincingly: “Al skillfully copies
human writing styles, making it hard to differentiate”. One respondent explained: “Al
uses many epithets and tries to make the text as vivid and structured as possible”.

Others acknowledged cognitive bias influenced their judgment: “The research task
itself triggered a biased attitude toward every text and heightened suspicion. If | had
read the text first and then been asked about authorship, accuracy might have
improved”. This suggests that the task’s framing may have skewed results by prompting
respondents to seek differences even where minimal.

Participants also struggled to distinguish Al-generated texts from Al-edited texts: “In my
opinion, literary texts are harder to identify because Al can also emulate emotionality.
However, it might overdo it”.

Methods of Mathematical Statistics

To analyze respondents' perception of texts from different genres, methods of
mathematical statistics were applied. The main criteria included Levene's test, Kruskal-
Wallis test, analysis of variance (ANOVA), and Pearson’s correlation analysis. This allowed
for an assessment of how text authorship recognition varied depending on the
frequency of ChatGPT usage and identified relationships between genres.
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1. Levene’s Test (Table 2)

Levene's test was used to check the homogeneity of variances among respondent
groups with different levels of ChatGPT usage. Since the overall p-value of Levene's test
is 0.025, indicating heterogeneity of variances, the Kruskal-Wallis test is the primary
method for testing group differences. However, for individual genres where p > 0.05,
using ANOVA is appropriate.

Table 2

Assessment of variance homogeneity among respondent groups (Levene’s Test)
Genre Levene’s Test p-value

Overall 3.865 0.025

Literary 2.760 0.069

Journalistic 0.892 0.414

Scientific 1.859 0.162

Philosophical 1119 0.332

Promotional 0.146 0.864

2. Kruskal-Wallis Test (Table 3)

This test was used to verify the hypothesis of equal response distributions across
respondent groups (never, rarely, daily). The results showed that the response
distributions did not exhibit statistically significant differences between groups (p >
0.05). This suggests that the frequency of ChatGPT usage does not significantly impact
the ability to correctly identify text

Table 3
Hypothesis testing results on differences in text recognition accuracy (Kruskal-Wallis
Test)

Genre H-value p-value Decision
Overall 2.281 0.320 Null hypothesis accepted
Literary 2.885 0.236 Null hypothesis accepted
Journalistic 2.152 0.341 Null hypothesis accepted
Scientific 2.092 0.351 Null hypothesis accepted
Philosophical 1.526 0.466 Null hypothesis accepted
Promotional 2.688 0.261 Null hypothesis accepted

3. Analysis of Variance (ANOVA) (Table 4)

To assess whether the frequency of ChatGPT usage affects the ability to correctly
determine text authorship in different genres, ANOVA was conducted (Table 4). The
results showed that neither the overall effect nor the analysis of individual genres
provided evidence for significant differences in text authorship identification accuracy
depending on Al usage levels. All p-values exceeded 0.05, indicating no statistically
significant effects. These results suggest that the level of experience in interacting with
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ChatGPT does not influence respondents’ ability to correctly identify text authorship
across different.

Table 4
ANOVA results on the effect of ChatGPT usage frequency

Genre F-value p-value
Generally 1,240 0,295
Literary 0,912 0,406
Journalistic 0,619 0,541
Scientific 1,316 0,274
Philosophical 0,788 0,458
Promotional 0,738 0,481

4. Pearson’s Correlation Analysis (Table 5)

The correlation analysis between text genres revealed generally low relationships
between styles. The highest correlation coefficient was observed between the scientific
and journalistic styles (r = -0.62), indicating some structural differences in these texts.
Other correlations were minor, suggesting weak or no interdependencies between
genres.

Table 5
Pearson’s correlation analysis between text genres
Genre Literary Journalistic Scientific Philosophical Promotional
Literary - -0.045 0.126 0.074 -0.024
Journalistic -0.045 - -0.62 -0.085 -0.097
Scientific 0.126 -0.62 - 0.140 0.045
Philosophical 0.073 -0.085 0.140 - 0.066

Thus, the analysis confirmed that the frequency of ChatGPT usage does not have a
significant impact on respondents’ ability to recognize text authorship. Correlation
analysis indicated that the highest stylistic similarity was observed between scientific
and philosophical texts, while the most notable differences were between journalistic
and scientific texts. These findings may be useful for further research on the impact of
artificial intelligence on text perception.

5. Regression Analysis

To determine the impact of Al usage frequency, response accuracy, and confidence in
responses on the level of trust in Al-generated texts, multiple linear regression analysis
was conducted. Trust served as the dependent variable, while Al usage frequency,
response accuracy, and confidence in responses were predictors.

The results of the ANOVA for the regression model (Table 6) indicate that the model is
not statistically significant overall, suggesting that the selected factors do not have a
substantial impact on trust in texts.
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Table 6

ANOVA results for assessing the impact of Al usage frequency, accuracy, and
confidence on trust in texts.

Model Sum of Squares df Mean Square F-value p-value
Regression 2.400 3 0.800 1.953 0.128b
Residual 33.176 81 0.410
Total 35576 84

The regression coefficient estimates (Table 7) showed that confidence in responses had
the highest standardized coefficient (B), indicating a tendency toward a weak positive
correlation between confidence and trust, although this indicator does not reach
statistical significance. Al usage frequency had a negative but insignificant effect, and
the overall response accuracy level had almost no impact on trust.

Table 7

Regression analysis of the impact of Al usage frequency, accuracy, and confidence on
trust in texts.

Predictor B Standard Error B t p-value
(Constant) 1.675 0.359 - 4.669 <0.001
Confidence 0.123 0.072 0.185 1.698 0.093
Frequency -0.122 0.089 -0.149 -1.375 0.173

Accuracy 0.025 0.029 0.093 0.860 0.392

Thus, the obtained results did not confirm a statistically significant impact of Al usage
frequency, response accuracy, or response confidence on trust in texts. However, the
identified tendency for a positive relationship between response confidence and trust
may indicate individual differences in how respondents perceive textual information.

DISCUSSION

The integration of artificial intelligence into the realm of writing is reshaping the way
individuals engage with text, posing both challenges and opportunities for education.
The findings of this study provide a deeper understanding of the interplay between
human and Al-generated writing, shedding light on how these evolving dynamics
influence learning activities and academic practices.

More than ever, students and educators must navigate a landscape where
distinguishing between human and machine-authored content is not always
straightforward. This section explores the educational benefits of the study, its broader
societal relevance, and the potential directions for future research.

One of the most striking findings of this research is the difficulty participants
encountered in distinguishing Al-generated texts from human-authored ones. This
growing ambiguity highlights an urgent need to integrate critical literacy training into
educational curricula. Traditional notions of textual analysis — once focused on
argumentation, structure, and rhetorical devices — must now expand to include the
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ability to identify subtle markers of Al authorship, such as excessive structural uniformity,
limited emotional depth, or unnatural phrase constructions.

Educators can harness these insights by designing instructional activities that challenge
students to evaluate the authenticity of texts, fostering a habit of careful scrutiny. By
doing so, learners develop not only a keen eye for textual patterns but also a more
sophisticated understanding of how Al tools operate. In a world increasingly shaped by
synthetic content, the ability to assess and verify information is becoming a fundamental
academic skill.

The study's findings suggest that Al-generated texts — especially when refined through
human intervention — can closely mimic human writing. This opens up new possibilities
for using Al as a collaborative tool rather than a mere content generator. ChatGPT and
similar models can support students in multiple ways:

- A) Writing Support (Al can serve as a brainstorming partner, helping students
structure their ideas before they refine and personalize the final text);

- B) Creativity Enhancement (by providing stylistic variations and alternative phrasing,
Al can encourage students to experiment with different literary techniques);

- C) Automated Feedback (Al-driven systems can assist in reviewing drafts, offering
instant feedback on grammar, coherence, and argumentation, allowing educators
to focus on more nuanced aspects of writing instruction).

These applications do not replace the need for human oversight but rather extend the
possibilities for personalized learning, encouraging students to critically engage with
both their own writing and Al-generated suggestions.

The study also raises pressing questions about assessment strategies in the age of Al-
assisted writing. If Al-generated texts can closely resemble human-authored ones,
traditional assessment methods may need to evolve. Educators might consider shifting
their focus from final outputs to process-oriented evaluations that track a student's
progression from initial drafts to final versions.

Potential adaptations could include: encouraging students to annotate Al-generated
text with their revisions, demonstrating their active role in shaping the output;
assignments that require students to engage with Al responsibly, such as comparing
unedited Al responses with human-edited versions; tasks that emphasize interpretation,
critical thinking, and cultural awareness — areas where Al still lacks depth —ensuring that
human intellectual contributions remain central to the writing process. These strategies
align with broader efforts to cultivate not just technical proficiency but also ethical
responsibility in Al-assisted learning.

Beyond the classroom, the findings of this study reflect a broader shift in how society
perceives authorship, creativity, and intellectual labor. As Al-driven tools become
increasingly integrated into professional and creative domains, there is an urgent need
for institutional frameworks that address the evolving nature of authorship. Several key
areas emerge as critical considerations. Firstly, institutions must clarify who holds
authorship rights when Al contributes significantly to a written work.

educationalchallenges.org.ua 151


http://educationalchallenges.org.ua/

EDUCATIONAL CHALLENGES, Vol. 30, Issue 1 ISSN 2709-7986 (online)

Secondly, policies should mandate clear attribution when Al is used in academic,
journalistic, or professional writing to maintain ethical standards. Thirdly future
professionals must be equipped with the skills to collaborate with Al while preserving
uniquely human competencies such as critical thinking, ethical judgment, and
emotional intelligence.

These challenges are not insurmountable but require a proactive approach to
integrating Al in a way that enhances, rather than undermines, human expertise.

The study has several limitations that affect the generalizability of the obtained results.
Firstly, the small sample size reduces the representativeness of the findings and
complicates their extrapolation to a broader population. Additionally, the lack of clear
criteria for classifying the level of ChatGPT usage, particularly in defining the frequency
and intensity of interaction, led to variability in grouping respondents, which impacted
the accuracy of the statistical analysis.

Asignificant limitation is also the cognitive bias of respondents regarding the authorship
of texts, as the awareness of the presence of texts generated by artificial intelligence
influenced their evaluation. As one participant noted: "The research task immediately
provoked a biased attitude towards each text and increased suspicion.” This indicates
that respondents actively searched for markers of artificiality, even in cases where they
were not obvious. Thus, the results may reflect not only actual differences between the
texts but also the influence of expectations and stereotypes regarding Al-generated
content.

A separate methodological limitation is that Al-generated texts are practically never left
without human intervention. Any query to a language model is a form of editing, as it
shapes the content and style of the response. This complicates the establishment of a
clear boundary between texts created by humans and those generated by Al. Further
research should focus on increasing the sample size, standardizing evaluation criteria,
and considering human-Al interaction in real-world usage scenarios.

CONCLUSIONS

This study underscores the transformative potential of Al in education, revealing both its
disruptive and enabling roles. The challenge is not to resist Al's integration into learning
but to develop frameworks that ensure its responsible and ethical use (Kostikova et al,
2024; Chetveryk & Veretiuk, 2024).

By fostering Al literacy (Roozafzai, 2024), adapting assessment strategies, and
mMaintaining a strong emphasis on human creativity and judgment, educators can equip
students with the skills they need to navigate the evolving landscape of writing.
Ultimately, the goal is not to diminish human ingenuity but to amplify it, ensuring that
education remains a space where critical thought, originality, and ethical responsibility
continue to thrive.

Further research should focus on expanding the sample and involving respondents with
different levels of experience in using generative language models, which will allow us
to more accurately determine the factors that influence the perception of Al-generated
texts. An important direction is to study the influence of stylistic and structural features
of the text on its identification as human or artificial intelligence-created.
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The use of experimental approaches with variable changes in texts (emotionality,
complexity, logical structure) is promising, which will allow us to identify key markers by
which respondents distinguish texts (Rezvan & Krokhmal, 2022). Special attention should
be paid to studying effective methods for explaining the process of Al text generation,
which will probably increase users' trust in such systems.

In addition, further research should take into account the role of Al-generated texts in
various communicative environments, in particular in journalism, education, and
professional communication. Identifying optimal strategies for adapting such texts will
facilitate their effective use and integration into areas where automated content
creation is becoming increasingly common.
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